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NONPARAMETRIC REGRESSION

BA- LT ‘
B P A 7

B HEy 38A5
TMFXDIA P

i
&

g (M) %5 ° &

e T LR LR Y I E R R L)
=S (a8 e R

i?fﬁing;Zﬁi?,z J,f’ﬁb"‘ °
PR BEs TR R R T a4 .
f»—*-_g—»ﬁ ﬁ’?'é”? i;xﬁxﬁ’rb _gp 3 o
SFRRREREE L4 -

TemmEoow

AEBBNBEFEREF IS EGRERER, DB LG EEER ¥
285, BEES @, BIRR AL

FALf

This Course focuses on the principles of nonparametric regression using
kernel smoothing method, Its applications in semiparametric regression,
nonparametric quantile regression and local maximum likelihood method will
be discussed.
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