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This course provides students with basic theory of soft computing, including
fuzzy logic, neural networks, evolutionary algorithms, and other related
machine learning techniques. The applications of soft computing to many
different fields, such as forecasting, pattern recognition, and decision making,
are introduced as well.
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1. J. Yen and R. Langari, Fuzzy Logic: Intelligence, Control, and Information,
Prentice—Hall, 1999

2. J.-S. R, Jang, C.—-T. Sun, and E, Mizutani, Neuro—Fuzzy and Soft
Computing: A Computational Approach to Learning and Machine Intelligence,
Prentice—Hall, 1997

3. T. M. Mitchell, Machine Learning, McGraw-Hill, 1997
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