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ADAPTIVE SIGNAL PROCESSING
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The adaptive filter is very significant in the area of statistical signal
processing, In this course, we will introduce the mathematical theory and
realizations of adaptive filters. The characteristics of adaptive filters depend
on the filter configuration and adaptation algorithm used for adjusting the
free—parameters; since it is in accordance with the input data, in reality,
that makes the adaptive filter nonlinear, The performance evaluation, in
terms of minimum mean square error, between the estimated and desired
signals, numerical stability, and convergence speed, is emphasized,
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Simon Haykin, Adaptive Filter Theory, 4th ed. 2002, Prentice Hall.
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