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The analysis of time—-to—event data, generally called survival analysis, arises
in many fields of study, including medicine, biology, public health,
epidemiology, and demography. This course introduces various statistical
models and methods for analyzing time—-to—event data. In the first semester,
we focus on the estimation for stratified Cox model, extended Cox

model frailty model, parametric survival model with right—censored data or
recurrent data,
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100/02/14~ .
L00/0as0 | COX model (Review) (Ch.D)
100/02/21~ n
L00/0ase7 | Stratified Cox model (Ch.5)
100/02/28~ .
L00/03s06 | General Stratified Cox model (Ch.5)
100/03/07~ . , N
L00/03,13 | Graphical view of Stratified approach (Ch.5)
100/03/14~
L00/03s20 | Extended Cox model (Ch.B)




6 122;22;;? Time dependent variables (Ch.6)

7 122;3%? Heart transplant data analysis (Ch.6)
8| 0o | Extended Cox likelihood (Ch.6)

9 122;212? Parametric survival models (Ch.7)
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11 122;2;%? Covariate effect models (Ch.7)
12 122;22;2? Parametric likelihoods (Ch.7)
13 122;22;?? Frailty models (Ch.7)
14 122;22;;? Recurrent data (Ch.8)
15 122;22;;? Counting process approach (Ch.8)
16 123;22;2? Stratified Cox model approach (Ch.8)
7| 0| Parametric frailty model (Ch.8)
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Survival Analysis (2010), Kleinbaum & Klein
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Survival analysis: techniques for censored and truncated data (2010) Klein &

Moeschberger

Applied Survival Analysis: Regression Modeling of Time to Event Data

(2008) Hosmer, Lemeshow, & May
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