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NONPARAMETRIC REGRESSION
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This Course focuses on the principles of nonparametric regression using
kernel smoothing method. Its applications in semiparametric regression,
nonparametric quantile regression and local maximum likelihood method will
be discussed.
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W. Hardle, M. Muller, S. Sperlich and A, Werwatz (2004). Nonparametric and

Semiparametric Models. Springer Verlag, Heidelberg,
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