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This course is designed to provide an introduction to the theory and
application of maximum-—likelihood methods and multiple regression analysis.
It intends to provide students a working knowledge of basic econometric
tools so that they can apply these tools to modeling, estimation and
inference in the context of real world economic and financial problems by
using the maximum-likelihood methods and the multiple regression,
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theory of multiple regression

2| IR modeling

3| fEEHAEA estimation

4 |HfEw inference

5| BB HERAE analyzing real economic issues
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Maximum-likelihood method
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1 Endogeneity, simultaneous equations, and
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instrumental—variable approach
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2 Gauss—Markov theorem—-the cornerstone of OLS
114/03/02
114/03/03~
3 114/03/09 Hypothesis testing and confidence intervals and
introduction to Stata and R with applications
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4 114/03/16 Maximum-likelihood estimation of the regression
parameters
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5 Using Gretl and Stata on maximum-likellihood
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estimation
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6 114/03/30 Maximum-—likelihood estimation with
microeconometric applications: Heckit and Tobit
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applications: GARCH model
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13 The multiple regression model (2): applications
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14 Using Gretl, R, Python and SAS on multiple
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regression model
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15 Multicollinearity, Heteroscedasticity and Serial
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16 Using Machine Learning on Econometrics (e.g.,
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