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The course aims to bridge the gap between first—year Calculus, Probability,
and Linear Algebra, extending into the foundational mathematical theories
essential for Artificial Intelligence (AI). Through a structured and progressive
approach, students will gain a comprehensive understanding of the
mathematical principles underpinning Al, preparing them for advanced Al
application courses.
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apply mathematical methods for AI Model analysis.

2| FHBARMMTAIER X493 | To cultivate students' ability to analyze the design

A, concepts behind AI model design,
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