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correlated failure time, non—informative failure time, and non-—susceptible
failure time,

In recent years a number of papers appeared, extending these models to
handle more complex failure time data. In this course, we will learn several
types of censored data and focus on how to approach these, Moreover, we
will learn the idea how to handle the correlated failure time,
non—informative failure time, and non-susceptible failure time,

REARKE P B R HA D B M

e 8 pAEL B R T e (Cognitive) | ~ THR (Affective) | ¥ T it (Psychomotor) |
% f Jfﬁxfﬂ'] °

- é:”w’ff(Cognitive) CFEAGHPOER A RS BRDTE LR IEY -
=~ WA (Affective) : F& fszf p cn@ds ~ 512~ G A& 'p.ﬁ"% ERELEY
= iisb (Psychomotor) @ ¥ & i 4L P e g6 (T Hpbrdf (T2 Y

):}‘?' “ o ﬂ > ’ T (=

B ?I?B*ﬂf( 2 ) ?I%B*ﬁf(‘ﬁ;?>

A RAH REAOL T LERIETE 2| In recent years a number of papers appeared,
KR EF HABZEF B AE extending these models to handle more complex
e AT PIER BAPS T B 22X IR B Y failure time data. In this course, we learn several

2 do AT AE S8 5 2 8 types of censored data and focus on how to
approach these,
; A e~ /:% (b‘T> LB . = o1 o E 5 -\
%fhﬂ’f%‘:‘fi gl P i FEE 5wk g s
H| | ABCDE 12345678 | HHE R 50T RISk S EE AR (3
g 5’;1‘ N %’ =
B ER A
; e . . % {‘3‘—‘
i{ P A3z i % (Subject/Topics) e -
B CH RS HE L)
112/09/11~ ] . .
1 112/09/17 Introduction to survival analysis
112/09/18~ ] . .
2 112/09/24 Introduction to survival analysis
112/09/25~
3 osi00r | 9729 A HR AR
112/10/02~ ] .
4 112/10/08 Censoring and truncation
112/10/09~ ] .
> 112/10/15 Censoring and truncation
112/10/16~ _ . . : -
6 112/10/22 Nonparametric method for interval censoring 4% ¥ Ik F B AR




112/10/23~ ] . )
7 112/10/29 Nonparametric method for interval censoring YR FHE
112/10/30~
8 .
112/11/05 Common Parametric Models
112/11/06~ ]
o 191110 Common Parametric Models(¥f % % &)
112/11/13~ ] - "
101 o 1110 Common Parametric Models 45 v HE B R
112/11/20~ ]
1 ZAME 30945 / N ( EwmA)
112/11/26
112/11/27~ ] - "
120 19/19/03 Common Parametric Models 4 v HE B R
112/12/04~| _. o ] .
13 First Hitting Time Regression Models
112/12/10
112/12/11~| _. o ] .
14 First Hitting Time Regression Models
112/12/17
112/12/18~
15 : e : .
119/12/94 First Hitting Time Regression Models
112/12/25~
16 :
1a/19/31 | Student presentation
113/01/01~
17 :
130107 | Student presentation
113/01/08~| _. ‘
18 Final Exam BT 2R
113/01/14
HALE & 43 = 20 4 S .
ITESER | p A g TR R AR
B 4 i

AR B AR

STEAMAZ(SALE ~ T3 ~Ex 42 ~ Miic s > g2 ~ A% > Hpetp )

£ 33/ F 38 %+ (PBL) 34z

B oges
AT
ﬁ ]
TR

KN F

Ik

\
e

=
feacy
4t
y

AR EEF LR

st g

xit

BAmEAM MR, HR BA

\\\?{r
ol
q
=R
A=

The Statistical Analysis of Interval-censored Failure Time Data, Jianguo Sun,
Spring

Analysis of Multivariate Survivel Data, Philip Hougaard, Springer

The Frailty Model, Luc Duchateau and Paul Janssen, Spring
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