AL+ F 1128 8% | FhFars 44

Wi A

Mt FE

e | T

AN INTRODUCTION TO STATISTICAL T

LEARNING

TN

F=C ik | R E
;|

TEIXB2C

A% 22 SDGs
P TH %

SOG4 B EFHT

A0 ) g T PR

{
{

1y )
W
w4

I
bl
%

=

A
=y =y
o o

w
R

aﬂ\fv

AEAEH B s (P 4 23 p g E

AN S R

o (3¢ £ :15.00)

m o 0w

B LT %
Tk AR

ES Y T

Tkl g

e 4

o (W E
o (W E
o (W &
o (W &

:40.00)
:15.00)
:15.00)
: 15.00)

AR R RERAZ A2 T p 2L £

—_—

L e T

L DIRARLEE o

=

(&

woH OB Ow W

SOAR voE e H
W S M (e
R = T

Xk
%
Bk

(v e
o (b F -
- (W E
o (W E
o (W E
o (b F -
o (W F -
o (W F

5.00)
20.00)

:10.00)
:20.00)
:30.00)

5.00)
5.00)
5.00)




ARBEFR, HEOERTHESABRELLR RABXV I EZRTH
WEF PR EZNHY, ZEESOENR, RMAEL REFNFTEF) 98
12, MmARTENTERNE—SEMNE THRMEE R 2 E FEREB, AREH
ﬁf?#%i%d‘ﬁ?& E-—FRABEZ T MO ERERA, TAHREER

e, VAR AH B HEY> LS,

ALl

In a big data era, massive amounts of data are generated in many distinct
fileds. The major work of statistics is to understand and extract features
from data. Then find out the hidden data among those huage amount data.
This is the learning process from data, Moreover, statistical methods can be
extended to data mining and machine learning fileds, This course extends
from probability and statistics to identify the relative theory and application

in machine learning, data preprocessing, regression, and classification.,
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