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This course introduces the fundamental concepts and research issues of
social computing and big data analytics. Topics include Data Science and Big
Data Analytics: Discovering, Analyzing, Visualizing and Presenting Data,
Fundamental Big Data: Spark Ecosystem, Python Numpy, Big Data Analytics
with Pandas, Text Mining, NLP, Social Media Marketing Analytics, Deep
Learning, Sentiment Analysis on Social Media, and Social Network Analysis T
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1| B 2aeft 4258 5 R K3 9 7| Students can summarize the key concepts of social
TEMES computing and big data analysis,
2 | B 2 A3 1EALBF1E 4 81 K 848 £ #7| Students can report on social computing and big
AR ERRE, #ETRE data analysis and have a hands on experience using
related software,
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1 111/02/21~ C troducti
11/02/95 ourse introduction
111/02/28~ . . )
2 Introduction to the lastest social media landscape
111/03/04 .
and importance
111/03/07~ . . .
3 H1/03/11 Social media, social data, and Python
111/03/14~ ) ) . .
4 111/03/18 Harnessing social data— connecting, capturing, and
cleaning
111/03/21~ .. . . . .
5 111/03/25 #MiningTwitter— hashtags, topics, and time series
111/03/28~ . ]
6 Users, followers, and communities on Twitter
111/04/01
111/04/04~
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111/04/11~ . . . ) ]
8 Analyzing Twitter using sentiment analysis and
111/04/15 . L.
entity recognition
0 111/04/18~ Post d it " Facebook
111/04/99 osts, pages, and user Interactions on Faceboo
111/04/25~ . o . )
10 111/04/29 Uncovering brand activity, popularity, and emotions

on Facebook




111/05/02~ )
11 L11/05/06 Questions and answers on Stack Exchange
111/05/09~ o .
12 11/05/13 Blogs, RSS, Wikipedia, and natural language
processing
111/05/16~ ) . .
13 111/05/%0 Campaigns and consumer reaction analystics on
YouTube— structured and unstructured
111/05/23~ .. .
14 11/05/27 The next great tecnology— trends mining on GitHub
111/05/30~ . ) . .
15 Scraping and extracting conversational topics on
111/06/03
Internet forums
111/06/06~ p s . :
16 111/06/10 Demystifying Pinterest through network analysis of
user interests
111/06/13~ . i
17 Social data analystics at scale— Spark and Amazon
111/06/17 .
Web Services
8 111/06/20~ Proiect P tati
111/06/24 roject Presentation
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4 g Python Social Media Analytics, Chatterjee et al, Packt, 2017.
?ﬁ @ % | Mastering Social Media Mining with Python, Bonzanini, Packt, 2016.
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