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Artificial intelligence has applications in various fields, Data mining
technology is aided in the development of artificial intelligence, A large
number of data records have become the focus of analysis in various
industries. Use actual materials and practical cases to explore supplementary
learning, Understand the concepts and practical methods of data exploration
to enhance students' professional abilities. Teach students to value data
security and become data scientists with practical capabilities.
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Python Machine Learning (2/e) Sebastian Raschka, Vahid Mirjalili, 2017
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