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The current course introduces the basic principle of neural network and its
applications to function approximation and signal classification. The networks
include single layer perceptron, multilayer perceptron, radial basis function
network and dynamically recurrent network., Learning laws contain
supervised learning and unsupervised learning, Meanwhile, we will show the
effectiveness of the neual network based on Matlab,
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C. T. Lin and C. S. G. Lee, Neural Fuzzy Systems: A Neuro—-Fuzzy Synergism
to Intelligent Systems, Englewood Cliffs, NJ: Pretice—Hall, 1996
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