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Time series data are intriguing yet complicated information to work with.
While this course will provide students with a basic understanding of the
nature and basic processes used to analyze such data, you will quickly
realize that this is a small first step in being able to confidently understand
what trends might exist within a set of data and the complexities of being
able to use this information to make predictions or forecasts. Yet, whether it
is financial, medical or weather related, this type of data is quite frequently
found in much of our daily lives.
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