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The current course introduces the basic principle of neural network and its
applications to function approximation and signal classification. The networks
include single layer perceptron, multilayer perceptron, radial basis function
network and dynamically recurrent network., Learning laws contain
supervised learning and unsupervised learning, Meanwhile, we will show the
effectiveness of the neual network based on Matlab,




ASARRE P IRE PR s AT P 4 AR L

-~ P ERESGER):
(=) "3ar ) (Cognitive fjHCO4E# 1 Cl = ~C2 B2 ~C3 B* ~C4 »47 -
Co ###~C6 £l
(=) "#ta , (Psychomotor f#£P)4E# @ Pl #-i ~ P2 8 F & ~ P3 M= 4k i -
P4 B4k v ~P5 p it ~P6 £]iF
(=) TR, (Affective HAEAFE 1AL 2% A2 F A3 £~ A 5% ~
A5 piv S A6 P B

COREPHRE TR A, T Ot 2
(- DL saiesc® B A S ED L (i, ~ T3, 2 THL, e g s
T ¥ T H BB HEC P AR P - 5
(Z)F$ TP A5 §1-62 530pF» WH 7 Ed K a®w (blde i [ p A 5%
$5C3~C5~C6MpF > R FH 06T » Hu S HFLP A ETF) -
(Z)F GH 2T HE P BANHEE T DPs R, - EFRT P REHRE
IICOLTT R E I SRS R TGOt I A
(bl4et T s (4 P is 4, 7 %A ~ AD ~ BEFRS » B33 5] o )

AP B 1

TR TERAICE
37 rERHRC ) TEP G PR 5| k(P i

AR 5 A v AR FEAY B MG 2% 2 3 KR | The current course introduces| (2 ABD
¥ the basic principle of
neuralnetwork

KEIHRLRE > 2aE 2

g KE P& T g o
Do

Dak B AR AR A R A ek 2 R R | N A
g2




AFARZ RFERF o AR EFER

s Bk F A N g Zh
: i wy BADRBREEAE RBau 4 > L TR ORT T Rk
ok kL v L -~ \
O RIRARTE g
= s REFTAPHEDFBEE R Y > X0l A feLigdEr F
= 2 EI}}
® FniE -
O FEAK Brfdp A B AL g B e B B o B S # 2R KR
s H g 4 o
S RAG TR A ¥ FEEZC{CRARE S F R R
e HHE I 2 46 R PEAE -
& it BB A f LA r R SR AL 0 203 & BRI B ] en i
AN ] ! .
O BEREE E S G ot 0 B2 T o B 2 EAR -
O Mgk MR AALRAoRERE S o REATREE ST & T
[ ERE A s P
8 7, 3 SAREOTFZ IR RAZFEY - A E X LITR
O EginE fff‘ﬁimi#ﬂ PRM RAZEEY 22 pliER
# o3 B4
Tlp A A % (Subject/Topics) %o

=A

107/02/26~
107/03/04

i A A2 A 7

107/03/05~
107/03/11

A PAP VS AT T

107/03/12~
107/03/18

EEXZHvsEEHEAE G AR

107/03/19~
107/03/25

BT AR AEAY AR 4 B v B PR HE AT A A 7S

107/03/26~
107/04/01

18R % FE A9 48 49 3% B2 A% —part 1

107/04/02~
107/04/08

18] 1% Jf 28 AV 48 49 78 2 M —part 2

107/04/09~
107/04/15

2K KRR B A AV B 49 2%

107/04/16~
107/04/22

matlab#E it

107/04/23~
107/04/29

=] £ X JE A A8 A 7

10

107/04/30~
107/05/06

A E A

11

107/05/07~
107/05/13

M % #-partl

12

107/05/14~
107/05/20

M % #-part2




107/05/21~
Bk KA A 48 4G IR A 48
B3| Lonj0s/gr | FEAIRATAEAGZE 43
107/05/28~ ‘
5 g FE 2 2 A -
14 oees | PEARRAT A 4G 58 B R
107/06/00~| o) 4 b op s
15| oaoen0 | F oA AB
107/06/11~
16 L
107/06/17
107/06/18~
17 o
107/06/24
107/06/25~
18 L
107/07/01
e AT ERARE
e R P ES L) Ui
ARER
KEXAR TR, "
RER&KBEK BHEMRERRELRA, BEBEF, 2010
KHFH

2

\\\Xr
<l
pul"™
Sher

C. T. Lin and C. S. G. Lee, Neural Fuzzy Systems: A Neuro—-Fuzzy Synergism
to Intelligent Systems, Englewood Cliffs, NJ: Pretice—Hall, 1996
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