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This course will introduce how to analyze the time-to-event data by
statistical methods of survival analysis. In addition to basic ideas and
theoretical results, practical applications of statistical software will be also
demonstrated by biological and medical examples,
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1| T A EERGA & Students have to know how e | c
to identify the time-to-event
data.
2 | BB HE A F 0 B EAEST 24| Students have to realize and 3 C
B ik be familiar with the
nonparametric estimation and
hypothesis testing approaches
in survival analysis,
3 | K Cox @57 0+ 77 & Students have to realize the 3 C
Cox PH regression,
4 | AEF/ESH P S B X 875 % | Students have to realize the c3 |
parametric model of lifetime
data,
5| A K HFTERBY(SASELR) £ 4 F E#H Students have to know how 3 C
) J& to implement survival
packages of the software SAS
and R,
6| BEFI B X 7% 20 # # iR 7> B | Students can analyze the C4 C
e time—to—event data in
practical applications,
KEPERZHE > 28HFE 2
B 2 T & = o4 ST E 3 oL
- wE P HE S FEE T E
1| T RAE R A R R R GRS R
‘é’ . v—'ﬁ‘z‘ Iﬁ‘
2| BB A 0 RS RUR| AL~ 36~ B RAGRE | SR R
/lﬁ/‘i’r EN P%%\ I
3| A Cox@ 87 M 7 & ik s 3EHm 7T PR 3@3:;‘?45& ~ BTSSR
4o P%‘Z‘ I
4| ARG EINPOZRBEE k| A ~3H o~ F 0T~ PR %E/E‘Jfﬁﬁ ~F TSR
pas
v = P%Z\




5| BRI RA(SASHR) A A E KM 735 ~ F 17 WAk AR RO AF
64 Ji /A 2 AR

6 |RES T MBI B A M R AN | At~ e~ R T AT | Rk~ R 4
% b F ot ERR

ARALZ R E KT e ARRBARE

LA s A hE R

> IRARTT

BALBREAE RE DN o TR PRY T Rl
HVEE o

HREFTAPHEDFBERY > i fed ~ Arfrt @ F
21 o
F

B p AR AL g b ot g B o Ul & R A LR

B g 4 o

TR AR o FREPECIOMIRE S 0 F B E R P
i X {3 A A R DELAR

clelolelolo] el o
i

. PR L f LA o R AL X3 R GER I RS A
9 4 .
s gk AL L FIoRB oot F 2w ikt BFAIG o
VaRASA S
WL T MEAANLBfoHELE 2 BREFTRAELEIPLEITR
" o5 Y R AR AL 4 o
£800% BAHEDESF2Z R RAZFEY - L2 AP0
LB o

4 o

’; 1 1 2. ENEY
< [P AT i % (Subject/Topics) %
107/02/26~
1 : ) )
107/03/04 Introduction of Survival Analysis
107/03/05~
2 : ) )
107/03/11 Introduction of Survival Analysis
107/03/12~ ] _ . '
3 Nonparametric Estimation of Survival Curve
107/03/18
107/03/19~ ] _ . '
4 Nonparametric Estimation of Survival Curve
107/03/25
107/03/26~
5 . )
107704701 Comparison of Survival Curves
107/04/02~ o
6 84 b
roas | LT B
107/04/09~
7 : :
L07/04/15 Comparison of Survival Curves
107/04/16~ _
8
107/04/99 The Cox Proportional Hazards Model
107/04/23~ _
9
107/04/29 The Cox Proportional Hazards Model
107/04/30~
10 e
107/05/06 ]




107/05/07~ .
11 L07/05/13 The Cox Proportional Hazards Model
107/05/14~ ) ) .
12 L07/05/20 Evaluating the Proportional Hazards Assumption
107/05/21~ . . .
13 L07/05/27 Evaluating the Proportional Hazards Assumption
107/05/28~ ) ) .
14 L07/06/03 Evaluating the Proportional Hazards Assumption
107/06/04~ .
15 L07/06/10 Some Extensions of the Cox PH Model
107/06/11~
40 A ph] kA
16 107/06/17 Eq*i};’»a -E—i‘aj_nﬁﬁ
107/06/18~
Y ﬁ:— i %‘ =A > o 2
1 07/06/24 MARRE R 6/183% 7 fr 5L &
107/06/25~ .
B 070701 AR A
IARRELAFARZRAZ I LR SRR, KEBXAEEABE (Hit
%@ ). TRED) L TEEad | TEMEST LORAL $RE
AT 2B ER2 2 THARA SAS & R A7 530k,
&$#ﬁmﬁﬁéuﬁ%% 1 HE, ﬁ%ﬁﬁ\iﬁﬁ%%
ABRFORV Lt SRR — R BZHMEH 2
wEXRE | T, ZEE EXCER)
1B #Rsh & L ‘
YoppaA | 2AENM, MEWE, MR, 2008, KRFH, (FR)
S+ 3 g Survival Analysis: A Self-Learning Text, 2nd ed, David G. Kleinbaum &
T Mitchel Klein, 2005, Springer. (3 % X.32)
Principles of Biostatistics, 2nd ed, Marcello Pagano and Kimberlee Gauvreau,
2000, (& Z4X32) (EP.,%:ZI-'\ AR R IE)
L‘F I8 2 N A2y 1 E PSPV 1 .
#;;i (j‘ﬁglf—'iﬁq*%: PTIRIRAT T P IT E 2 AT IR B2E)
OLFEE: 100 % @FHFFE:250 % SHPFE 200 %
s
THEE | emiFE 20 %
PO | edtth (MA®mE) 1250 %
rfffg’*% # 372 % % %en ! http://info.ais. tku. edu. tw/csp 2 d ik
4 =+ B O(En httD //www. acad. tku. edu. tw/CS/main. php) ¥ 7% % [ kfr % &
Y

‘:“L%%\'__I' igj‘.;\‘J 1@_)‘ o

TLSXB3M1043 0P

KA B ILEZDFES oY RRFPE -y ARPEUAFE LLE -
4 %

4

/ £ 4 F 201712722 19:12:11




