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THE ALGORITHMS IN DATA SCIENCE
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This course introduces the most influential algorithms that have been widely
used in the data science and identified by IEEE International Conference on
Data Mining (ICDM) 2006, It includes C4.5, k—Means, SVM, Apriori, EM,
PageRank, AdaBoost, kNN, Na"ive Bayes, and CART,
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Nina Zumel, John Mount (2014) Practical Data Science with R
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