TEE SNWEED S F IEEIETS S

FE AP 48 4 B o | 2 m
WAL s oll It
¥F* | TSU-TIAN LEE

NEURAL NETWORK

TH-E LA B 2
TN F

TETXDI1A F

HE 380

i
&

o (o) & oT O O

AR/ S BA I RE E ol 2T 2 PR 4E o
SR TEAEFAFAY s 2R EAAE B 2 B T s R o
o ORI TR S § (B R PR e

G D I B

A £ 3 %*ﬁ‘iﬁﬁ‘é—*f—.é EW LA ENET R S FAIATE RIS B E R

B. 23 RAZR/GFLWEHRTL 2 o

C.EFERIBEER> 2w o

D. &5 AIATL Y 2 fox f2A- T4 b AP RE2 i 4 o

E.g#};:,pj‘;gt.\fgg\%iu]iﬁzpa/,p /\ﬁfw‘ggﬁr ES

F. 55wz b p A Y S K2 54 o
FEN a@ﬁ*ﬁﬁ‘?ﬁ“‘ W AARARERLAXJBAMFAEr B RA, L ¥E
AP AR AL 2 B AR EFK#U SR, SRR R, HAKREEE, SRR
M, WHAATERETXEE., FEFXZF A0,

HALM 4

This course will introduce some basic principles of Neural Networks and its
applications to function approximation and signal classification. The networks
include single layer perceptron, multilayer perceptron, radial basis function
network and dynamically recurrent network, Learning algorithms include
supervised learning and unsupervised learning,
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S. Haykin, Neural Networks and Learning Machines, Pearson Education
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