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This course will introduce how to analyze the time-to-event data by
statistical methods of survival analysis. In addition to basic ideas and
theoretical results, practical applications of statistical software will be also
demonstrated by biological and medical examples,
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to identify the time-to-event
data.
2 | BB HE A F 0 B EAEST 24| Students have to realize and 3 C
B ik be familiar with the
nonparametric estimation and
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