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This course will introduce how to analyze the time-to-event data by
statistical methods of survival analysis. In addition to basic ideas and
theoretical results, practical applications of statistical software will be also
demonstrated by biological and medical examples,




ASARRE P IRE PR s AT P 4 AR L

- R R GEE)

(=) Tz (Cognltlve MACAHR 1 Cl =R ~C2Hf-C3 &* ~C4 »47 -
Co #=#~C6 £l
(=) "#ta , (Psychomotor f#£P)4E# @ Pl #-i ~ P2 8 F & ~ P3 M= 4k i -
P4 B33 it ~PH pd it ~P6 £]iF
(=) THR ) (Affective BHAAES (AL 452 A2 F B A3 €4 M R
AD pit ~ A6 F B

CRERERE TARA S T RO 4 ) 2R

() x%&ﬁﬁ%@ﬁ»%ﬁ%wﬁ7rme~rﬁﬁJﬁr%%JﬁéB%@a’
ﬂﬁﬁkﬁﬁﬂﬁ HRC-P~A® P -7 o

(Z)H)EHRB rﬁﬁl@ B F 1~62_ % 38 pF » Ifiﬁyljﬁ,,rgﬁl %»r'l"""(x;ln}(r'l BN 1 rﬁ%ﬂlé B
HEZC3~CHCompF > R ZHANCOTT » i B FLPHALTR) -

Cﬂ#w%%“éﬁkﬁﬁﬁﬁwﬁ@ﬂrﬁ@ﬂﬁ»MJJ°Eﬁﬁﬁﬁﬂ Ik
DOt G AR RIFEI IR T O Peeid ) e
(Blde s T ()P 4 ) ¥ % RA ~ AD ~ BEFPE » RJ353 5] )

i e 0 (0 <) St p (%) i
= < T (% =
5 I TN I Y C VA
1| T A EERGA & Students have to know how c2 | AcC
to identify the time-to-event
data.
2 | BB HE A F 0 B EAEST 24| Students have to realize and 3 AC
B ik be familiar with the
nonparametric estimation and
hypothesis testing approaches
in survival analysis,
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Cox PH regression,
4 | AEF/ESH P S B X 875 % | Students have to realize the c3 | AC
parametric model of lifetime
data,
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) J& to implement survival
packages of the software SAS
and R,
6 | BEH B X R /5 7 9 #7 7r i% 74 B ¥ | Students can analyze the C4 AC
e time—to—event data in
practical applications,
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