1B 1028y 1 803k 4

SR F A A | l
HAL A Fip | lede
HKEF | CHEN YI-JU

CATEGORICAL DATA ANALYSIS
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This is an introductory course that presents the most important methods for
analyzing categorical data, This course will be devoted to categorical data
analysis tools in different fields such as social science, public health and
biomedical science. Topics include descriptive and inferential methods for
contingency tables, generalized linear models, logistic regression model and
loglinear model. SAS for Windows statistical software will be used
throughout the course for data analysis.
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1. Categorical Data Analysis, 3rd Edition, Alan Agresti, 2013,
2. Applied Logistic Regression, 3rd Edition, David W, Hosmer and Stanley,
2013.
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