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This course introduces the Monte Carlo computational techniques. The
purpose is to make a general audience familiar with the programming
aspects of Monte Carlo methodology through practical implementation, It
includes how to use simulation methods as a tool analyze their experiments
and datasets, In this semester, we will study Monte Carlo optimization,
Metropolis— Hasting algorithms, Gibbs samplers, & monitoring/adaptation
MCMC.
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f,f poHpA=2E n % (Subject/Topics) A
1 ﬁjg;jizw Numerical optimization (5.1-5.2)

2 Ejgijzgw Stochastic optimization I (5.3)

3 121;22;?? Stochastic optimization II (5.3-5.4)

4 121;22;?? Stochastic optimization III (5.4)

5 121;222? Markov chain theory (6.1-6.2)

6 Ejgzggw Metropolis—Hastings algorithm (6.3)
7| o oo | Candidate selection (6.4)

8 121;21;2? Accept rates (8.5)

Jee

10 ﬁjgiggw Two-stage Gibbs sampler (7.1-7.2)
11 ﬁjgijzzw Multi-stage Gibbs sampler (7.3)

12 121;2:2? Missing data & latent variables (7.4)
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Introducing Monte Carlo Methods with R. Robert & Casella
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1) Simulation. Ross
2) Monte Carlo Statistical Methods. Robert & Casella
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